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ABSTRACT

In the context of Pakistan, personal speculator behaviour is altogether affected by
different psychological biases, as emphasized within the developing field of behavioural
finance. This ponder speaks to an extra exertion to assess the effect of behavioural
biases on speculation decision-making inside the National Stock Trade of Pakistan. To
attain this objective, an organized survey was created, and study reactions were
collected from a test of 243 financial specialists. The investigator utilizes both expressive
and inferential measurable strategies to analyses the information. The ponder centers on
four key behavioural inclinations: overconfidence, securing, the mean impact, and
grouping behaviour. The findings reveal that both overconfidence and grouping
inclination have measurable positive and negative effects. These results recommend that
personal financial specialists because of restricted monetary information, are more
vulnerable to mental blunders in their venture methodologies. Besides, the ponder
affirms the nearness of all four behavioural inclinations within the speculation choices of
Pakistani financial specialists. The bits of knowledge picked up from this investigation are
important for budgetary mediators and advisors, as they can way better direct their
clients by considering these behavioural inclinations. Future investigations seem to grow
upon this ponder by analysing extra behavioural inclinations and their impacts on
speculation decision-making in Pakistan.

Keywords: Behavioral biases, overconfidence, anchoring, disposition effect, herding
behavior, individual investors, Pakistan

Introduction

The two key concepts of the theory of rationality are the act of rationality and the rule of
logic. suggests that individuals make decisions aimed at maximizing utility. Under the rule
of rationality, individuals are presumed to adopt behavior that maximizes their expected
utility, while under the act of rationality, they act in ways that yield the highest utility. In
the context of Pakistan, this theoretical framework has important implications,
particularly in the financial and investment sectors, where investors attempt to make
choices that balance benefits and costs. However, the real-world financial environment in
Pakistan often presents challenges such as market volatility, limited access to
information, and sociopolitical uncertainty, which complicate rational decision-making.

This is where the concept of bounded rationality becomes highly relevant.
Introduced by Herbert Simon and later elaborated by scholars such as Kinoshita, Suzuki,
and Shimokawa (2013), bounded rationality acknowledges that individuals rarely have
access to all the necessary information and often lack the cognitive capacity to process
complex financial data. In Pakistan, investors—whether retail or institutional—
frequently operate in markets influenced by incomplete information, lack of financial
literacy, and emotional responses to socio-economic instability. As such, they are partly
rational or even irrational in their decision-making processes.

The basic idea of behavioural finance questions the conventional wisdom that
markets are always efficient and investors are always logical. The Efficient Market
Hypothesis (EMH), which holds that investors are logical agents and that markets reflect
all available information, is a major part of traditional finance.
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However, real-world anomalies and investor behaviors in Pakistan—such as speculative
trading, herd behavior during economic downturns, or responses to rumors and political
shifts—often contradict this assumption. Behavioral finance, therefore, integrates
psychological and sociological perspectives into economic decision-making and
acknowledges how behavioural biases affect the actions of investors.

Behavioral finance pioneers like Richard Thaler, Amos Tversky, and Daniel Kahnem
an have identified a number of cognitive biases that skew investor behavior.These prejud
ices take many different forms in Pakistan because of social, cultural, and economic consi
derations.. For instance, overconfidence bias leads Pakistani investors to believe in the
accuracy of their judgments, often causing them to ignore market signals or professional
advice. This can result in overtrading or investment in speculative assets, contributing to
market inefficiencies and losses.

Another common bias in Pakistan’s financial markets is herding behavior, where
investors mimic the actions of others rather than relying on their own analysis. This
behavior is particularly evident during stock market rallies or crashes, where the fear of
missing out or losing drives collective irrational action. The phenomenon is exacerbated
by the limited penetration of financial education and reliance on informal sources of
advice, such as family, friends, or media. Anchoring bias is another frequently observed
behavior in Pakistani investors. Here, individuals fixate on specific reference points, such
as a stock’s past high price, and base future decisions on those anchors, often ignoring
current market realities. This tendency can lead to poor investment decisions, such as
holding onto losing stocks in the hope that they will return to their former price.

The disposition effect, which refers to the tendency of investors to sell winning
investments too early and hold onto losing ones, is particularly prevalent in Pakistan due
to emotional attachment and loss aversion. Investors often avoid realizing losses, hoping
for a market reversal, which rarely materializes. This behavior negatively impacts
portfolio performance and demonstrates the importance of psychological factors in
financial decision-making.

In Pakistan, where formal education about financial markets remains limited and
where socio-cultural influences strongly impact decision-making, the relevance of
behavioral finance is profound. Behavioral biases such as overconfidence, anchoring,
disposition effect, and herding not only shape individual investment behavior but also
contribute to broader market trends, volatility, and inefficiencies. While traditional
finance focuses on what investors should do under ideal conditions, behavioral finance
explores what investors actually do in real-world conditions, making it a more practical
lens through which to analyze Pakistani investment behavior. As behavioral finance
continues to evolve, it becomes increasingly critical for researchers, policymakers, and
financial advisors in Pakistan to consider these biases when designing financial products,
regulatory frameworks, and investor education programs. Encouraging a deeper
understanding of these psychological factors can ultimately contribute to more stable
and efficient financial markets in the country.

Literature Review

Although the field of modern finance has advanced significantly across the globe, it
remains challenging to scientifically explain why individuals continue to behave
irrationally when it comes to managing money (Smit & Moraitis, 2010; Mitroi & Stancu,
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2014). In Pakistan, this challenge is even more pronounced due to a combination of socio-
cultural, economic, and psychological factors that heavily influence investor behavior.
The traditional finance paradigm, primarily built upon the Efficient Market Hypothesis
(EMH), suggests that security prices always reflect all available information (Fama, 1970).
However, the emergence of behavioral finance offers a contrasting perspective. It posits
that markets are not always efficient and that investor decisions are often driven by
cognitive biases and emotional reactions, leading to deviations in security prices (Cabral
de Avila et al., 2016; Kaszynski’s & Macys, 2010).

In Pakistan’s context, the lack of widespread financial literacy, over-dependence
on informal investment advice, and a deeply rooted culture of speculation in stock
trading make behavioral finance a particularly relevant lens to understand market
anomalies. With the increased participation of retail investors in the Pakistan Stock
Exchange (PSX), behavioral finance focuses more on understanding investor psychology
and how these mental frameworks influence the investment decision-making process
(Liu et al., 2015).

One of the most influential and widely studied biases within this domain is
overconfidence. It is considered a cornerstone of behavioral finance and is recognized as
a major factor contributing to unusual market behavior and anomalies. Overconfidence
arises when investors overestimate their knowledge, underestimate risks, and
exaggerate their ability to control investment outcomes (Ko & James Huang, 2007;
Prosad et al., 2018). In the Pakistani market, this bias is especially common among small
and new investors who often believe their investment strategies or market predictions
are superior—despite having limited technical expertise or data to support their
decisions. This belief often leads them to ignore critical market indicators, diversify less,
or engage in high-frequency trading that increases risk.

In local trading environments, confidence can quickly transform into

overconfidence when investors rely on past successful trades or tips from unverified
sources. For example, individuals who earn profits from stock surges or IPOs may
attribute these gains solely to their own abilities, leading to future riskier investments.
Such psychological patterns have been particularly visible during periods of stock market
rallies in Pakistan, where trading volumes spike irrationally and investors show a
tendency to overreact or underreact to economic news.
Leading scholars in the study of overconfidence, such as Kahneman, Tversky, Shiller,
Shefrin, Barber, and Odean, have laid the groundwork for understanding how
psychological biases can impact market dynamics. These insights are highly applicable in
the Pakistani setting where market movements are often influenced more by sentiment,
media hype, and speculation rather than by fundamental financial data.

Empirical research supports the link between overconfidence and increased
trading volumes (Darrat et al., 2007; Phan et al., 2018; Mushinada & Veluri, 2018; Khan et
al., 2017). This is highly relevant for Pakistan, where the correlation between trading
activity and investor sentiment is strong, especially during events like budget
announcements, political changes, or monetary policy shifts. Moreover, recent studies
analyzing structured retail products—often marketed as innovative investment
solutions—have found these instruments to be closely associated with behavioral biases,
particularly overconfidence (Abreu & Mendes, 2018). In Pakistan, such products often
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appeal to overconfident investors who are enticed by promises of high returns without
fully understanding the underlying risks.

The development of behavioral finance has allowed researchers to better
understand how cognitive biases like anchoring and the disposition effect shape investor
behavior. These biases are especially relevant in emerging markets like Pakistan, where
information asymmetry, lower financial literacy, and speculative trading practices are
prevalent. Anchoring bias refers to the tendency of individuals to rely too heavily on an
initial piece of information—referred to as the “anchor”—when making decisions.
Studies have shown that people often make adjustments from the anchor rather than
from an objective analysis of new information. Research has revealed that individuals
resolve conflicts between past behaviors and current beliefs by adjusting their attitudes
to match their beliefs, rather than altering behavior patterns (Kaustia, Alho, & Puttonen,
2008). This is especially relevant in the Pakistani context, where many retail investors
base financial decisions on outdated or irrelevant benchmarks, such as prior stock price
highs, rather than current market fundamentals.

In Pakistan’s capital markets, where many participants are informal or first-time
investors, anchoring often manifests in the form of “price memory.” Investors anchor to
prior stock prices, previous index levels, or outdated media recommendations, and thus
fail to react appropriately to current valuations. For instance, it is common for investors
to refuse to sell a declining stock until it “returns to its original price,” an example of
anchoring bias clouding rational judgment. This is further exacerbated by limited access
to real-time, reliable financial data and overreliance on hearsay or social media
discussions in trading communities.

Empirical studies in global contexts, including experiments with students and
professionals, have shown that anchoring can affect stock return estimations, especially
among inexperienced individuals (Kaustia et al., 2008). While professionals tend to be
less affected, Pakistani market conditions suggest that even many seasoned investors
often exhibit anchoring behavior due to cultural tendencies toward reference-based
decision-making and the influence of historical stock trends in investment discussions.
Similarly, the disposition effect—the tendency to sell winning investments too early and
hold onto losing ones too long—has been widely observed in investor behavior. This bias
is rooted in the emotional discomfort associated with realizing a loss. In the Pakistani
market, where short-term profit-taking is common and speculative trading dominates
over long-term investment strategies, the disposition effect is prevalent across retail
investors. Many investors display reluctance to sell stocks that are trading below their
purchase price, waiting unrealistically for a recovery.

Studies from other emerging markets, like China and Taiwan (Chen & Kim, 2007;
Chang, 2008), show that investors are more likely to sell stocks that have appreciated,
and hold onto those that have depreciated, despite deteriorating fundamentals. This
behavior mirrors that of retail investors in Pakistan’s stock market, who are often driven
by emotional biases and the psychological desire to "break even."

In the Pakistani context, especially in post-IPO trading, the disposition effect
becomes even more pronounced. Similar to findings from the Malaysian IPO market
(Chong, 2009), local investors tend to “flip” successful IPOs quickly to lock in gains, while
holding onto underperforming IPO stocks in the hope of recovery. This pattern aligns
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with the findings of Kaustia (2004), who identified a strong link between initial purchase
prices and investor disposition behavior.

Moreover, socio-economic factors play a significant role in the manifestation of
the disposition effect. Research by Dhar & Zhu (2006) showed that wealthier and more
professional investors exhibited lower disposition effects. In Pakistan, where a large
portion of market participants are middle-class investors with limited investment
experience, the disposition effect is often magnified. These investors are more
susceptible to loss aversion, and often operate without diversified portfolios, making
every trade psychologically significant.

Technological advancements such as internet-based trading platforms have added
new dimensions to these biases. While platforms like PSX’s online trading portal have
democratized access to capital markets, they have also intensified the emotional
engagement of retail investors, as instant access to portfolio performance often
reinforces short-term thinking. As seen in the research by Lee et al. (2008), in e-trading
environments, disposition bias tends to persist regardless of potential future gains or
losses. Furthermore, anchoring bias has been observed even in online bidding and pricing
environments, where seemingly irrelevant or uninformative price references influence
investor choices. In the context of Pakistan's growing fintech sector, where apps and
platforms display “previous high” or “day change” prominently, anchoring bias is subtly
encouraged. Investors often make decisions based on these prominently displayed
historical prices, rather than deeper technical or fundamental analyses.

The herding effect—where investors mimic the behavior of others rather than
relying on their own analysis—has also been a significant subject of investigation. An
alternative approach to understand this behavior used an asymmetric risk-return model,
revealing inverse feedback mechanisms in Asian markets, attributed to herding behavior
(Bekiros et al., 2017). This is especially pertinent in Pakistan, where the behavior of
institutional investors and large traders often sets trends that retail investors blindly
follow. Market rallies in Pakistan are frequently amplified by such collective behavior,
where stocks gain momentum based not on fundamentals but on crowd psychology.

A noteworthy study explored the herding tendencies among Muslim investors in
Islamic banking, identifying herding as a primary driver of investment decisions. In
Pakistan, where a large population prefers Shariah-compliant investment options, this
finding is directly applicable. Faith-based trust in Islamic financial products often results
in concentrated investments in a limited number of “Shariah-compliant” stocks or funds,
with investors influenced more by community behavior than independent assessment.
Further research has analyzed herding in relation to firm-level business cycles and
exchange-traded funds (ETFs). Though ETFs are still a nascent concept in Pakistan, the
potential for herding behavior—especially during high volatility—is significant. For
instance, during periods of speculative bubbles or crashes, ETFs and mutual funds in
Pakistan can see abrupt inflows or redemptions due to herd instincts rather than
underlying asset value.

Experimental studies have shown that herding behavior varies by gender, with
different levels of susceptibility observed among male and female investors (Lin, 2011). In
Pakistan, although female participation in direct investing is still low, there has been a
rise in women using mobile apps and digital banking for investment. Understanding
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gender-specific tendencies could help fintech platforms design better advisory models
and interfaces. Real estate, a popular investment choice in Pakistan, has also shown signs
of herding behavior among property fund managers, especially in rapidly appreciating
markets like Karachi or Lahore. Studies from abroad (Hall, 2016) indicate that herding
may drive non-optimal portfolio choices, and similar patterns can be observed in
Pakistani property funds and REITs, which are still in early development stages.

Moreover, institutional herding has been investigated in mutual funds and banks.
One study highlighted how herding among mutual fund managers was influenced by
"paper gain" and "paper loss" ratios. Such behavior harms overall investment
performance and is often motivated by the desire to maintain consistency with industry
peers. In Pakistan, where only a few large asset management companies dominate the
mutual fund industry, similar patterns of herd-driven portfolio construction are observed,
especially when one large fund alters sectoral allocations.

Interestingly, the research also showed that herding is stronger in certain loan
categories, particularly housing and credit card loans, and more frequently observed in
larger banks (Tran et al., 2017). With the recent expansion of Pakistan’s housing finance
sector and increasing competition among banks, this finding suggests that herd behavior
could potentially distort lending criteria, particularly under government-backed schemes
like Mera Pakistan Mera Ghar. Herding has also been studied in the context of market
stress and oil price volatility, which are highly relevant for Pakistan. The stock market in
Pakistan has shown a sensitivity to international oil price fluctuations, especially for
sectors like energy and transport. In times of market distress, investors tend to move in
sync, further enhancing volatility due to lack of individual analysis or access to accurate
market information.

Based on the comprehensive literature review and existing empirical findings—
especially in emerging markets like Pakistan where behavioral biases are prevalent in
investor behavior—the following research hypotheses have been formulated:

. H,: There is a significant relationship between behavioral biases and investment
decision-making.

. H,: Overconfidence bias has a significant influence on investment decision-making.
. H,: Anchoring bias has a significant influence on investment decision-making.

. H,: Disposition effect has a significant influence on investment decision-making.

. H,: Herding bias has a significant influence on investment decision-making.

Research Methodology

A quantitative, cross-sectional research approach is used in this study to examine how
behavioural biases affect Pakistani investors' decision-making process when making
investments. The method enables a momentary examination of behavioural patterns at a
particular moment in time. Primary data was gathered using a survey with a standardised
questionnaire. Validated items from the body of existing literature were used in the
questionnaire's design, which was then adjusted to take into account Pakistani
investment patterns and local market conditions. Individual investors who participated in
the Pakistan Stock Exchange (PSX) were the target population. Investors who used local
broking firms and online trading platforms were also included. Using Cochran's method,
the study's initial sample size was determined to be 385 respondents with a 95%
confidence level and a 5% margin of error. However, only 243 totally completed
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questionnaires were considered appropriate for research because of missing or incorrect
replies. Due to time restrictions and investor accessibility—particularly for those active
on social media investment forums and in physical broking branches in urban areas like
Karachi, Lahore, and Islamabad—a convenience sample technique was used. Software
called SPSS (Statistical Package for the Social Sciences) was used to examine the data.
The statistical methods listed below were used:

Reliability Analysis

o Cronbach’s Alpha was used to test the internal consistency of the
questionnaire items.
o A Cronbach’s Alpha value ranging between 0.70 and 0.90 is considered

acceptable, indicating a reliable scale.

Descriptive Statistics

o Used to summarize demographic characteristics and general investment
behaviors of the respondents.

Inferential Statistics

o Correlation Analysis was conducted to determine the strength and
direction of relationships between behavioral biases and investment decision-making.
o Regression Analysis was carried out to evaluate the predictive impact of

each behavioral bias on investment decisions.

Results and Interpretation

This chapter presents the empirical results derived from the analysis of the collected data.
It includes interpretation of statistical tests conducted to validate the research
hypotheses.

Reliability Test

The Cronbach’s Alpha test was conducted to assess the internal consistency and
reliability of the questionnaire items measuring behavioral biases and investment
decision-making.

. The results revealed a Cronbach’s Alpha value of 0.759, indicating a high level of
reliability and internal consistency in the responses.
. Since the value is above the threshold of 0.70, it confirms that the measurement

scale used in the study is statistically reliable.

Correlation and Regression Results

(You can follow this section with a detailed table and analysis for each hypothesis. | can
help you write that based on your data output.)

Table 1. Reliability Statistics

Cronbach's Cronbach's Alpha Based on StandardizedN of Items
Alpha Items
0.762 0.740 5
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Table 2. Investor’s Demographic Profile
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Demographic Components Frequency Perventage
Age
18-25 82 35.78
25-30 74 29.1
30-35 16 7.48
Above 35 78 26.79
Gender
Male 205 85.85
Female 31 11.76
Level of Education
Undergraduate 56 25.76
Graduate 88 34.46
Postgraduate 81 37.9
Other 13 2.5
Profession
Business 127 53.1
Salaried 114 49.2
Experience
Under 5 years 90 38.19
6 -7 years 31 13.02
8-10 years 47 17.7
11-15 years 49 16.69
Above 15 years 32 13.19

Correlation Analysis
Table 3. Results Of Correlation

Investment

Overconfidence Anchoring Disposition Herding

Decision Making

Investment  Pearson 1 0.409"" 0.378™* 0325 0.402%"

.. Correlation

Decision

Making Sig. (2-tailed) 0.000 0.000 0.000 0.000
N 251 251 251 244 238
Pearson 0.408%* 1 0.499™* 0.539""  0.463"%

Over- Correlation

confidence  Sig. (2-tailed) 0.000 0.000 0.000 0.000
N 251 251 251 244 238
Pearson 0.378"%  0.498™" 1 0.614°°  0.604""

Anchoring  Correlation
Sig. (2-tailed) 0.000 0.000 0.000 0.000
N 251 251 251 244 238
Pearson 0.327°" 05397 0.624"" 1 0.523"%
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Sig. (2-tailed) 0.000 0.000 0.000 0.000
N 244 244 244 244 238
Pearson 0.402*%*  0.463** 0.604** 0.523*%%*
Correlation

Herding Sig. (2-tailed) 0.000 0.000 0.000 0.000 1
N 238 238 238 232

**_Correlation is significant at the 0.01 level (2-tailed)

Based on the correlation analysis presented in Table 3, it was found that all the selected
behavioral biases exhibit a statistically significant and positive relationship with
investment decision-making. This indicates that as the intensity of these biases increases
among investors, their likelihood of making corresponding investment decisions also
rises.

Specifically, the correlation coefficient between overconfidence bias and
investment decision-making was found to be 0.409 at the 1% level of significance,
indicating a moderate positive relationship. This suggests that when investors exhibit a
higher degree of overconfidence—believing excessively in their own judgment or
knowledge—their propensity to make investment decisions also increases.

Similarly, the anchoring bias demonstrated a correlation coefficient of 0.379 with
investment decision-making, which is also significant at the 1% level. This highlights that
investors who rely heavily on initial reference points or past information (anchors) tend
to be more influenced in their investment choices, reinforcing the presence of a strong
psychological anchoring effect in decision-making behavior.

In the case of the disposition effect, the correlation with investment decision-
making was observed to be 0.326, significant at the 1% level as well. This positive
relationship indicates that investors who are more likely to hold losing stocks for too
long or sell winning stocks too soon (a hallmark of disposition bias) also tend to make
more investment decisions driven by this behavioral pattern.

Finally, the analysis revealed a correlation coefficient of 0.402 between herding
bias and investment decision-making, again significant at the 1% level. This implies that
investors who are influenced by the behavior or decisions of others (especially during
market uncertainty or volatility) are more likely to engage in investment decisions
aligned with collective market trends.

Regression Analysis

Table 4. Regression analysis

Model R R Square Adjusted R Square Std. Error of the Estimate
1 0.4772 0.236 0.218 0.6572

Predictors: herding, overconfidence, disposition, anchoring

The regression analysis presented in Table 4 highlights the results of a linear regression
model, where investment decision-making is treated as the dependent variable, and the
four behavioral biases—overconfidence, anchoring, disposition, and herding—are
included as independent variables.

To evaluate the fitness of the model, the model summary was examined. The R-squared
value of 0.235 indicates that approximately 23.51% of the variation in investment decision-
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making can be explained by the selected behavioral biases. The adjusted R-squared value
of 0.218 is closely aligned with the R-squared value, suggesting that the model is
consistent and reliable, although the overall explanatory power remains modest. This
relatively low predictability may be attributed to other influential factors affecting
investment decision-making that were not included in the current model.

The F-statistic results, as shown in Table 5, provide insight into the overall
significance of the regression model. The analysis confirms that the model is statistically
significant, as the p-value (sig.) is less than 0.05, indicating that the combination of the
independent variables meaningfully contributes to the explanation of investment
decision-making behavior.

Table 5. Overall Significance

F Sig.

13.889 0.000P

a.Dependent Variable: Investment decision-making
b.Predictors: (Constant), herding, overconfidence, disposition, anchoring
Table 6. Individual Significance

Unstandardized coefficients Standardized
Model coefficients T Sig.
B Std. Error Beta

(Constant) 1.836 0.246 7.687 0.000
Over-confidence 0.260 0.072 0.292 3.769 0.000
Anchoring 0.127 0.079 0.144 1.736 0.085
Disposition 0.028 0.073 0.045 0.521 0.575
Herding 0.194 0.071 0.210 2.561 0.012

The results presented in Table 6 reflect the outcomes of the individual significance test.
These findings indicate that overconfidence and herding bias significantly influence
investors' decision-making, as their p-values are less than 0.05, confirming statistical
significance. Conversely, the significance values for anchoring bias and disposition effect
exceed the 0.05 threshold, suggesting that these two biases do not have a statistically
significant impact on investment decision-making in the current study.

Discussion

The best way to invest in financial instruments and the degree to which past price trends
can forecast future market behaviour are two fundamental questions that investors
frequently struggle with when presented with a variety of investment possibilities.
According to conventional financial theories, which are based on the rationality
assumption, investors should make decisions with the goal of maximising returns and
minimising losses (Ahmad Zamri, Ibrahim, Haslindar, & Tuyon, 2017). In actuality, though,
people are frequently only partially rational and heavily impacted by illogical
circumstances when it comes to their financial conduct. This irrationality is examined in
behavioural finance, which contends that cognitive biases obstruct logical decision-
making. Risk and uncertainty are inherent in investment decisions, as Slovic (1972) first
proposed, and behavioural biases affect how investors view and react to these
circumstances. These prejudices influence investor behaviour, which in turn affects how
financial markets make decisions overall. The discipline of behavioural finance is based on
behavioural biases, which connect market dynamics with individual psychology. Although
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there are many biases, the present study concentrates on four main ones: herding,
disposition effect, anchoring, and overconfidence. A survey of the literature reveals that
traditional financial theories only make the assumption that people behave rationally
when they have access to accurate and pertinent data. However, in the absence of such
data, empirical research has repeatedly demonstrated that investors behave irrationally
in repetitious patterns, especially when faced with risk and uncertainty. The research has
extensively studied these four behavioural biases, particularly in connection with stock
market activity and portfolio selection.

Their impact frequently leads to overtrading, high transaction costs, and less than
ideal investment results. By demonstrating how and why investors make particular
decisions—why they decide to buy or sell stocks, or even not act at all—the current
study illuminates market psychology. Most investors still find it difficult to make
decisions about their investments, and this study confirms that an investor's capacity to
control behavioural biases has a direct impact on the results of their investments, such as
gains or losses. With t-values of 3.759 and 2.561, respectively, our results show that
overconfidence and herding bias have a statistically significant impact on investing
choices. However, within the parameters of this study, disposition and anchoring biases
did not have any discernible impacts on investing decision-making. Analysing the
influence of four behavioural biases on individual investment behaviour was the main
goal of this study. It is advised that future studies broaden their focus by investigating
other behavioural biases that could provide more understanding of investor psychology,
such as confirmation bias, loss aversion, or mental accounting. In order to provide a more
thorough knowledge of how these psychological aspects affect financial markets
collectively, future research could further widen their focus by examining the influence
of behavioural biases on group or institutional investing decisions.

Conclusion

The field of behavioral finance has emerged as a response to the limitations of traditional
finance, particularly in explaining the irrational behaviors and anomalies observed in
financial markets. In the context of Pakistan, where financial literacy among retail
investors remains relatively low and capital markets are still developing, the insights
offered by behavioral finance are especially relevant. Unlike classical finance theories,
which assume rational investors and efficient markets, behavioral finance suggests that
investment decisions are often influenced by emotions, psychological biases, and
imperfect information.

Behavioral finance challenges two key assumptions of traditional finance: (i)
investors do not always update their beliefs accurately, and (ii) they systematically
deviate from rational decision-making processes (Kishore, 2004). This perspective was
notably shaped by the groundbreaking work of Daniel Kahneman and Amos Tversky,
who in the 1970s and 1980s developed theories like Prospect Theory, highlighting how
people perceive gains and losses differently under conditions of uncertainty (Kahneman
& Tversky, 1979).

In the context of Pakistan’s financial markets—such as the Pakistan Stock
Exchange (PSX)—where market volatility, herd behavior, and speculative trading are
common, behavioral finance offers a practical lens for understanding investor behavior.
The present study aimed to examine how four major behavioral biases—overconfidence,

423



Journal of Management & Social Science
VOL-2, ISSUE-1, 2025

anchoring, disposition effect, and herding—influence investment decision-making
among Pakistani individual investors.

The findings of this study reveal that overconfidence and herding bias significantly
affect investment decisions, suggesting that investors in Pakistan tend to overestimate
their own knowledge or predictive power, and often follow the crowd without
conducting independent analysis. On the other hand, anchoring and disposition effect
were found to have no significant influence, though this could be due to sample
characteristics or specific market conditions during the study period.

This study reaffirms that Pakistani investors are not entirely rational in their
investment behavior. Decisions are often made based on psychological shortcuts or
emotional responses rather than structured financial analysis. Given the evolving nature
of financial participation in Pakistan—especially with more retail investors entering the
stock market and digital investment platforms—the role of behavioral finance becomes
increasingly important.

Recommendations for Future Research

The current study opens the door for further exploration into other behavioral biases not
covered here, such as loss aversion, mental accounting, confirmation bias, or regret
aversion, which may have significant implications in the Pakistani context. Additionally,
future research can explore the behavioral tendencies of institutional investors and
mutual fund managers, as their decisions also shape market movements and investment
trends.

Furthermore, analyzing investor behavior during economic crises (e.g., political
instability, inflation spikes, or currency devaluation) could provide deeper insights into
how emotional responses shape financial decisions in Pakistan. Such studies would be
invaluable for policy makers, financial advisors, and investment educators aiming to
promote better financial decision-making across different investor segments in the
country.
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